
SOCIAL MEDIA LEARNING SYSTEM FOR EFFECTIVE MOOD 

RECOGNITION AND EMOTIONAL PLAY BACK SYSTEM USING SVM                                                                    

P.AMBIKA*1 , V.VINITHA*2, G.B.SANTHI*3 . 

*1PG Student, New prince Shri Bhavani College of Engineering and Technology, 

Chennai,Tamilnadu,India. 

*2PG Student, New prince Shri Bhavani College of Engineering and Technology, 

Chennai,Tamilnadu,India. 

*3Assistant Professor, Newprince Shri Bhavani College 0f Engineering andTechnology, 

Chennai, Tamilnadu ,India. 

ambikapanner1996@gmail.com 

vinitha1996@gmail.com 

santhi.bhavani@gmail.com 

 

Abstract: The emotion classification concerns approaches to detect the underlying emotion of a 

text. Many learners rely heavily on the traditional thesaurus because difficulty for language 

learners in determining proper words. Unfortunately, this fails to provide appropriate 

suggestions. In the proposed model, we propose RESOLVE (Ranking Emotional Synonyms for 

language Learners Vocabulary Expansion) suggests precise emotion words regarding the events 

in the relevant context. Patterns are learned to capture emotion events and provides a list of 

ranked emotion words based on SVM Modifications our implementation. The User feeds in a 

Social network site, like Twitter or face book like websites. Based on pattern matching 

algorithm, Big Data – Hadoop server identifies the main intention of the Emotional Word. Users 

input data is categorized into private and public based on the users permission. Apart from 

playing songs we also fetch some wonderful memories which were shared by the user 

previously. User can also Report Spam for Public data so that data can be removed. Android 

users can also post the data from mobile and memories music is played from the server. 

Index terms-Computer aided instruction, context awareness, Sentiment analysis, text analysis     

 

1. INTRODUCTION 

English-as-a-second-language (ESL) learners have been found to have difficulties in 

emotion vocabulary. With limited lexical knowledge, learners tend to use common emotion 
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words such as angry and happy to describe their feelings. Moreover, the learner’s first language 

seems to lead to inappropriate word choices. Many learners consult the thesaurus for synonyms 

of emotion words; typically, the synonyms suggested come with little or no definition or usage 

information. The contextual information is taken in to account of suggested synonyms .As a 

result, the thesaurus does not always help language learners select appropriately nuanced 

emotion words, and can even mislead learners into choosing improper words that sometimes 

convey the wrong message. Take embarrassed and awkward for example: although they both 

describe situations where people feel uneasy or uncomfortable, in practice they are used in 

different scenarios. According to Vocabulary.com, embarrassed is more self conscious and can 

result from shame or wounded pride: for instance, He was too embarrassed to say hello to his 

drunken father on the street. On the other hand, awkward would be “socially uncomfortable” or 

“unsure and constrained in manner”: He felt awkward and reserved at parties. These examples 

illustrate not only the nuances between synonymous emotion words, but also the difficulty for 

language learners in determining proper words. There is a pressing need for a reference resource 

providing a sufficient number of emotion words and their corresponding usage information to 

help language learners expand their knowledge of emotion words and learn proper emotional 

expressions. We propose a novel approach to help differentiate synonyms of emotion words 

based on contextual clues—Ranking Emotional SynOnyms for language Learners’ Vocabulary 

Expansion (RESOLVE). This involves first the learning of emotion event scores (EES) between 

an event and an emotion word from a corpus: these scores quantify how appropriate an emotion 

word is to describe a given event. Subsequently, based on the emotion event in the learner’s text, 

RESOLVE suggests a list of ranked emotion words. The development of RESOLVE is described 

further in the Method section. We also assess its effectiveness on college learners. A writing task 

was designed for the evaluation. To create the testing data, we collected 240 emotion writings 

from ESL learners, for each emotion category 40 writings. The participants were non-native 

English speakers (native Chinese speakers), all undergraduates or higher. 

 Each writing was a short story about one of the six emotions defined by Ekman, and 

each had three requirements: (1) a length of at least 120 words; (2) a consistent emotion 

throughout the story; and (3) a sentence at the end that contains an emotion word (hereafter 

referred to as the target emotion word) summarizing the feeling of the writing.  The judges 

scored the candidates ranging from 0 (worst) to 6 (best) based on contextual clues. The judges 
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were told explicitly to judge the appropriateness of word sense purely and ignore grammatical 

issues. When two or more words were considered equally appropriate, equal ranks were allowed, 

i.e., skips were allowed in the ranking. For example, given the synonym list angry, furious, 

enraged, mad and annoyed, if the judge considered enraged and furious to be equally 

appropriate, followed by angry, mad and annoyed, then the ranking scores from highest to lowest 

would be enraged-6, furious-6, angry-4, mad-3 and annoyed-2, respectively. In addition, words 

not in the top five but that fit the context were assigned 1 whereas those that did not fit the 

context were assigned 0. In order to gauge the quality of judges’ ranks, Cohen’s KAPPA value 

was utilized to measure the inter-judge agreement. KAPPA (k) is calculated by considering the 

ranking score to be either zero (0) or non-zero (1-6). In addition, a weighted KAPPA value for 

ranked evaluation (kw) was adopted to quantify the agreement between the native scores. We 

calculate the raw and weighted KAPPA value for the ranking scores from two judges for each 

writing. Table 1 shows both the averaged raw and weighted KAPPA values for the six emotion 

categories. On average, k ¼ 0.51, and kw ¼ 0:68; both values indicate substantial inter-judge 

agreement. The low inter-judge agreement in disgust and sadness categories might be due to the 

number of synonyms for the target word in each writing belonging to these two categories (27.9 

for disgust and 35.5 for sadness) are larger than the other categories (26.6 for anger, 16.9 for 

fear, 13.6 for joy, 9.8 for surprise, and 21.7 overall), which leans to the inconsistency. 

Many learners rely heavily on the traditional thesaurus because difficulty for language 

learners in determining proper words. Unfortunately, this fails to provide appropriate 

suggestions.Difficult to confirmation Emotional in wording because of their selective highlights. 

The disadvantage My include happy music errors ,user play ,and traditional thesaurus.  

Although these emotional of wording happy and sad songs music.                                                                                                                                                                                                                                                                                                                                                                                    

In proposed work, we propose RESOLVE (Ranking Emotional Synonyms for language Learners 

Vocabulary Expansion) suggests precise emotion words regarding the events in the relevant 

context. Patterns are learned to capture emotion events and provides a list of ranked emotion 

words. 

2. EXISTING SYSTEM 

Pavlenkoetal., [1] studies of bilingualism and emotions to argue for three types of 

modifications to the current models of the bilingual lexicon. The first modification involves word 

categories: I will show that emotion words need to be considered as a separate class of words in 
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the mental lexicon, represented and processed differently from abstract and concrete words. The 

second modification involves conceptual representations: I will demonstrate that emotion 

concepts vary across languages and that bilinguals’ concepts may, in some cases, be distinct 

from those of monolingual speakers. The third modification involves emotionality: I will argue 

that emotionality is an important feature of the bilingual lexicon, where different languages and 

word types display different levels of emotionality. I will also show how differential 

emotionality affects code-switching and language choice in bi- and multilinguals. 

Altarribaetal., [2] assesses  English-speaking monolinguals and Spanish–English 

bilinguals, in order to valuate  the extent to which valence and emotionality are automatically 

processed when reading a word. Participants classified words in white on the basis of valence 

(positive or negative), or classified them on the basis of color (blue or green) via a key press. 

Words were either emotion words (e.g., happy; anxious) or emotion-laden words (e.g., dream; 

shark). Bilinguals viewed words in both English and Spanish. While only negative emotion 

words produced the typical congruency effects, both negative and positive emotion-laden words 

produced significant Simon effects, in monolinguals.  

 EFL learners have difficulty in making paraphrases to meet their writing demands, and 

there has been little research on developing automatic reference tools to assist these learners' 

paraphrasing skills for better writing quality. In this study,  

M.H.Chen et al.,[3] developed PREFER, an online corpus-based paraphrasing assistance 

system. Allowing multi-word input and returning promptly with a list of paraphrases in English 

and Chinese, along with usage patterns and example sentences, PREFER provides substantial 

support for EFL learners to vary their expressions during writing. While paraphrasing is critical 

both for interpretation and generation of natural language, current systems use manual or semi-

automatic methods to collect paraphrases.  

Barzilayet  al., [4] presents an unsupervised learning algorithm for identification of 

paraphrases from a corpus of multiple English translations of the same source text. This 

approach yields phrasal and single word lexical paraphrases as well as syntactic paraphrases. 

Keshtkaretal., [5] presents a bootstrapping technique for identifying paraphrases, starting 

with a small number of seeds. WordNet Affect emotion words are used as seeds. The 

bootstrapping approach learns extraction patterns for six classes of emotions. They usesannotated 
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blogs and other datasets as texts from which to extract paraphrases, based on the highest-scoring 

extraction patterns.  

Bannandetal.,[6] defines a paraphrase probability that allows paraphrases extracted from 

a bilingual parallel corpus to be ranked using translation probabilities, and show how it can be 

refined to take contextual information into account. They evaluated  the paraphrase extraction 

and ranking methods using a set of manual word alignments, and contrast the quality with 

paraphrases extracted from automatic alignments. 

 

3. PROPOSED WORK 

Emotion Words and Corpus: 

Emotion words and corpus the advantages (Reliable) and   (More effective) rescouces used in the 

emotion list and candidate emotion words .the increase covereage and Merriam Webster 

Dictionaryin the ranked emotion words. 

 

 

 

Fig.1. The RESOLVE website 

 

Emotion word hierarchy,by build a three-layered hierarchy is a emotion words are less 

informative.High-CTP patterns for uniformly distributed.It is a level for using type is a 

RESOLVE website.The figure 1 is the flow chart for the resolve website. 

International Journal of Pure and Applied Mathematics Special Issue

29



 RESOLVE development in ICZappeared I figure1.Here Word Net-Affect, ina on-the-fly 

Vocabulary.com accesses. Then it is a final scoring function for ranking .As mentioned 

CTPestimates are less similar, and Net Synset and Webster Synonyms. 

Testing data and gold standard: 

The stage1 of a using for a dictionary sending for a Extract Patterns and Calculate 

EES.As a corpus of a patterns and EES is sentences from dictionary.it is a stage 2 in a Writing 

patterns ranking scores from two judges for each writing.Then Matched Patterns and EES.Then 

Ranking is a ranked emotion words. 

 

 

                                         Fig.2. System Architecture  

 

The user is post information is sending a facebook or twitter. Then main server is a play 

song like sad and emotion play back song.To assesses the effectiveness of the RESOLVE 

system.The fig 2 architecture diagram the main server. 

 

Fig 3.KAPPA value versus NDCG@5. 
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The figure 3 is kappa value versus NDCG the using for threshold in the emotion word for 

the kappa value threshold. 

Learning Corpus Patterns for All Emotion Words: 

It learns relation is a to emotion words from a corpus-based. Then it is a three corpus 

based patterns for a pre-processing, pattern extraction, and emotion event score calculation. As 

compound sentences with a one emotion event, they pre-processed is before we extract patterns. 

The figure 4 is ranking score is using for pre-post. 

          

Ranking Emotional Synonyms for language Learners’ Vocabulary Expansion 

(RESOLVE) provides emotion words and list of ranked emotion words regarding the events in 

the relevant context so the learners can choose proper word to convey the message. Improper 

words can be avoided since the synonyms for the words are given. 

 

4. CONCLUSION 

To assist language learners in emotion wording, we attempted in this work to suggest 

appropriate emotion words based on learner contexts. The proposed RESOLVE meets this goal 

by of RESOLVE, we compared the performance of the proposed approach and investigated its 

benefit thesaurus, PMI and SVM. The EDW algorithm, with the ICZ and CTP weighting factors, 

also improved performance. With regard to assisting language learning, RESOLVE was 

developed to suggest emotion words according to learner contexts. Experimental results revealed 

that students of low and intermediate proficiency benefited more from RESOLVE than the 

highly-proficient students. Student perceptions on RESOLVE’s aid in emotion writing 

corresponded to their performance on the writing task. Also, even though we dealt with only 

Chinese speaking learners, the conclusion that the ESL learners can benefit from RESOLVE 

should be still true for learners of different first languages, though the cultural difference would 

impact learners on emotion wording and the degree of improvement on individual emotion 

category could be different. 
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